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Abstract

This paper discusses various aspects of Hermite-Birkhoff interpolation
that involve prescibed values of a function and/or its first derivative. An
algorithm is given that finds the unique polynomial that satisfies the given
conditions if it exists. A mean value type error term is developed which
illustrates the ill-conditioning present when trying to find a solution to a
problem that is close to a problem that does not have a unique solution.
The interpolants we consider and the associated error term may be useful
in the development of continuous approximations for ordinary differential
equations that allow asymptotically correct defect control. Expressions in
the algorithm are also useful in determining whether certain specific types
of problems have unique solutions. This is useful, for example, in strate-
gies involving approximations to solutions of boundary value problems by
collocation.
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1 Introduction

This paper discusses Hermite-Birkhoff interpolation for the case where the given
information contains function values and/or first derivative values at given
knots. Specifically, we give a simple algorithm to compute the unique inter-
polant, if it exists, then present a mean value type error expression, and finally
give some results concerning uniqueness. This case arises in many applications.
For example, it may arise when using collocation to solve two-point boundary
value problems (see [7], [9]). Another example arises in the numerical solution
of ordinary differential equations with defect control when using Runge-Kutta
methods (see [8], [4]).



As Higham [8] points out, there is a well-known error expression in the case
of Hermite interpolation, but not for Hermite-Birkhoff interpolation. Birkhoff
[2] (see also Lorentz, Jetter and Riemenschneider, [13], p84), in his important
paper in 1906, showed an error expression for the general Hermite-Birkhoff
problem. However after this paper, research centred on the difficult question of
what knots produced a unique solution and not on the error involved. The error
expression developed here specifically involves only the case of function and/or
first derivative values. It does not extend simply to cases where higher order
derivatives are involved. However, in its final form in section 3, we present an
expression not too much more complicated than the well known error expression
for Hermite interpolation. Although the expression does involve a matrix, the
dimension of this matrix is in many cases much smaller than the dimension of
the determinant involved in the expression given in Birkhoff [2]. A potential use
of this error expression is in the development of continuous approximations to
ordinary differential equations which would allow asymptotically correct defect
control. Another use of the error expression is in Finden [7] where it is used to
show the accuracy of certain interpolation schemes used to improve collocation
solutions in the numerical solution of boundary value problems. This error
expression illustrates the ill-conditioning present when trying to find the solution
to a Hermite-Birkhoff problem when it is close to a problem that does not have
a unique solution.

Section 2 discusses a method for the calculation of the unique interpolant. A
key part of this method involves material similar to that developed by Fiala [6]
where only the case involving function values or first derivative values specified
at a knot is discussed. We will extend this to the case where both function values
and/or first derivative values are given at certain knots. We show some of the
details here since they are important in section 3 where the error expression is
developed. Section 4 gives a simple example that illustrates the method and
the error expression and a second example that illustrates the error expression.

Section 5 discusses how material developed in section 2 can be used to de-
termine whether there is a unique solution to the problem for certain choices
of knots. Some of these cases give some guidelines when choosing the Hermite-
Birkhoff interpolation used in Runge-Kutta defect control in Higham [8]. In-
formation in this section also helps in choosing a strategy that uses Hermite-
Birkhoff interpolation to improve solutions to boundary value problems obtained
using collocation (see [7], [9], [16]).

We begin with a brief discussion on Hermite-Birkhoff interpolation in gen-
eral. Let us assume that we are given n + 1 specified values fU)(o;) = y! for
some function f(x). We wish to find the unique polynomial, @, (x), if it exists,
that satisfies QY )(ai) = yJ. There are numerous papers, including [1], [3], [5],
[10], [12], [14], [15], [17], [18] and [19], that discuss the existence of such a poly-
nomial. A thorough discussion and extensive bibliography on the general topic
is given in Birkhoff Interpolation [13]. For this introduction we use the common
notation found (for example) in Miihlbach [14].

We define an index set e = {(i, j)|y/is specified}. We define a w x (n + 1)



incidence matrix E = [eu];z})% with w < n+ 1, where the element e;; = 1 if

(,7) € e. Otherwise e;; = 0. We let the set of knots, o;, satisfy 01 < 09 < 03 <
... < 0y. We say that F is unconditionally poised if a unique @, (z) exists for
any set of knots. E is conditionally poised if @, (z) exists only for certain sets
of knots.

Some well known examples of interpolation where F is unconditionally poised
are Lagrange interpolation, where w = n+1 and only e; o = 1 for each row; Tay-
lor interpolation, where F has only one row with all elements equal to one; and
Hermite interpolation where e;; = 1 implies that e; ;1 =1 for j = 1,...,n.
However a simple complete characterization of poised matrices is not known.
The matrix

1 00
E=1010 (1)
1 00
. - . . . . 01+ 03
is conditionally poised since a unique Q,(x) does not exist for oo = —
but does exist for any other g5. The matrix
1 00
E=1010 (2)
0 1 0

is unconditionally poised. To check these examples we examine the determinant
defined in (8) in section 2. For (1) this determinant is equal to (o3 — o1)(o3 +
o1 — 203). For (2) this determinant is equal to 2(o3 — 02).

There are many conditions on the matrix, F/, that help determine whether
it is poised or not (see the bibliography in Birkhoff Interpolation [13]). Some of
these conditions can be described by the following properties of E. By

w
mj = Z eij, j=0,...,n, we denote the number of ones in column j. By
i=1
J
M; = Z m;, 7 =20,...,n, wedenote the number of ones in columns 0 through
0

j. We zay that F satisfies the Polya-condition if and only if M; > j 4 1, for
7=0,...,n. We have

Theorem 1 (Schoenberg [19]) A necessary condition for E to be poised for
some set of knots is that E satisfy the Polya-condition.

A row i of E has an (i, j)-sequence of length p if there is a j such that
€ij-1=0,¢e; =¢€+1=...€jyu—1 = 1and e;;y, = 0. It is an odd or even
sequence depending on whether p is odd or even. We say an (i, j)-sequence is
supported if and only if there are rows 4; and i3, where 7; < ¢ and i > ¢, that
contain a one in a column numbered less than j. The second row of the matrix
in (1) has an odd supported (2,1)-sequence. The matrix in (2) has no supported
sequences. With these definitions we have



Theorem 2 (Atkinson and Sharma [1]) If E satisfies the Polya-condition
and has no odd supported sequences, then E is poised.

Also

Theorem 3 (Schoenberg [19]) If E satisfies the Polya-condition and has only
Hermite data in rows two through w — 1, then E is poised.

These are but a small sample of the results for the general problem of
Hermite-Birkhoff interpolation. However, the specific case of prescribed func-
tion values and/or first derivative values arises often in practice and so we now
restrict ourselves to this case. This will allow us to say something about the
selection of knots for which a conditionally poised E gives a unique solution or
not as the case may be. For this case the w x (n + 1) incidence matrix E has
the property that for each row, 7, we have e; o +e€;1 = 1 or 2 and e; ; = 0 for
Jj=2,...,n. Note that w = n + 1 for the case that Fiala [6] discusses, but for
our case we have w <n + 1.

2 The Case of Function and/or First Derivative
Values

We separate the knots into three groups, {t;}, {z;} and {s;}, such that we
know the function values f(¢;), 1 < ¢ < k, we know the the first derivative
values f/(z;), 1 <i < m, and we know the function and first derivative values
f(s;) and f'(s;), 1 <i <1 for some function f : & — R. Our problem is to find
the interpolating polynomial Q,(z) = ag + a1z + ... + a,z™ that satisfies the
conditions

f(ti):Qn(ti)’ i=1,....k (3)
f/(xl) = Q{n(xZ)’ t=14, ) M, (4)

and
f(si) = Qu(si), [f'(s:) = Q) (54), i=1,...,1 (5)

where n = k+m + 2l — 1. We assume that each of the t;, each of the z; and
each of the s; are distinct and that ¢; # x; # s, for all 4, j and r. We let the
interval spanned by these values be represented by I. Of course we can solve
our problem if we solve the equations, obtained from (3), (4), and (5),

ap + art; + agt? + ..+ antl = f(t;), i=1,....k
ao + a18; +ags? + ... +anst = f(sy), 1=1,...,1
ay + 2a9x; + ...+ naal Tt = f(xy), i=1,...,m
ay +2ass; + ... +na,stt = f(s:), i=1,...,1 (6)

for the coefficients a;, 0 < i < n.



The equations (6) have a unique solution if and only if the determinant

1t 2 ...
1ot 3 ...t
1 s s% e st
1 g sl2 sy
1 21 nat 70 (™)
0 1 2z, ... na?!
0 1 2s7 ... ns’ll_l
0 1 2s ... nsl"_l

For the case, | = 0, equation (7) becomes

1t 2 7

1t 2 t 20 (8)
0 1 2z nay~! '

0 1 2z, ... nx%_l

If we define the Vandermonde determinant

j—1
1w ... uy X
i
1w ... wy
V}'(Ul,UQ,...,Uj): . . s
. Jj—1
1w ... w;

which can be evaluated as ]__[(uZ — u;), then Fiala [6] points out that we have
i>7
a unique solution if and only if
akaer(tl, .o ,t]m L1y
81316:62 ‘e 8:cm

) g

which is the same inequality as (8).



We can use (8) to say that we have a unique solution for the case k = 1 and
[ = 0 since the resulting determinant can be written as

8m%+m(t1,l’1, e ,(Em)
8.%‘183’)2 N axm

, Tyn) = 1! ]__[(:EZ —x;) #0.

i>7

=n!Vy(xq,...

Fiala [6] shows this as well as the fact that for [ = 0 we have a unique solution if
x; > t; for all 7 and j or x; < t; for all ¢ and j by appealing to the determinant
in (8). Theorem 2 also gives this result. However using (8) to determine the
existence of a unique solution for more complicated problems is not very easy.
Solving (6) to obtain the coefficients of Q,(z) is not recommended since the
matrix associated with (7) is ill-conditioned.

We find @, (z) in another way by first finding Q,(z;), 1 < i < m, the
corresponding approximations to the function at the points where we know
only the first derivatives. We can then use any well known interpolation scheme
such as Hermite interpolation on the data,

{(tivf(ti))v 1<:< k}U{(xvan(xz))a 1< < m}U{(Sivf(si)v (Si7f/(5i)), 1<:<

First we write @, (z) in the Hermite form as

l l k m
Qula) = 3 Hy(@)F(57) + S A (51) + D G (1) + 3 K ()@ ()
J= J= J= J= (9)
where
) L E@eE)e) |
B == =S et etmt) S
 2@eEe) |
Hi= s at ety 57!
L o@eeee .
G =g ey IS
@R o
K@) = yemee,y 1SS (10)
where i i
(b(x):H(x_tr)a (;5](11?): H(w_tr)a 1<;<k
=
p@) =[[@—-2), & =[[@-z), 1<j<m
=
l l
g(x):H(x_ST)’ fj(l'): H(Z‘—ST), 1<j<l

S
Sl
Sl



and

k

1

53 2y

el —15J_xZ i=1

i#]

Differentiating (9), evaluating the result at z;, 1 < i < m, noting that we require

Q' (x;) = f'(z;), 1 <i < m, and noting also that ¥(z;) =0 for 1 <i < m we
obtain

Sj— i

Z{l } ( )(b(ffi)t//(ffi)

< Do) (@ >, |
*Z oot | )

Z </>J xl (a?z))f(t ) 1)

)it

/() 52 ()05 () + 20(0) (20)€ ()05 (2) + D) €2 () ()
- Z @€ (25)0; (x;)

Qn(;)
We divide the i’th equati N ener = @n(z;)
quat10n by ¢(x1)§ (%)1/’1(3%)7 let yj - ¢(x)£2($)w($)a
J 7)WL
i Ex; = 1 and rearrange to form the linear equations in y;,
T () () | () () wé'(””)} |
> [ e + ey v * v |

(e L {1 — (i — )8, ) f(s5)
e i) 2 (@i =5, P(50)0(5,) () (12)

note that

Jj=1

j:1

l k
f'(s5) f(t;)
Z i = 55)€5 (55)6(s;) Z 5 (5)€2(t5)(t5)

el =

We put these linear equations in the form
Ay=1b (13)

where A € R™ x ™, y € R™, with elements y;, 1 < i < m, and b € R™. The
elements of b are given by the right-hand side of (12). If we note that

Yi(z) [0 i ¢’ (i) 1
w]i(xi)_{l ifi=j"~ b(x:) sz—t



ifi#j
Ti— T
Yi(z) ) (@) _ 1
bla) T\ =€) B 2kr
i\Li T — .I‘7-7 =1 i —1 i r
i
then from (12) we can write the elements of A as
1
, it # j
xX; X
l k m
az; = 1 1 1 (14)
2 if i = j.
r#i
For the special case [ = 0, the matrix A has the form
- ” -
1 1 1
;xl—tr—’_;xl—xr 1 — Tm
N T';l
1 1
Ty — T Ty — Ty,
A= (15)
k m
1 1 1
Tm — T1 ;xm*tr—i_;xm*xr
L r#m i

The interpolation problem has a unique solution if and only if A is non-singular.
Although the matrix associated with the determinant in (7) is ill-conditioned,
A is generally not ill-conditioned when we have a unique solution unless the set
of knots are “close” to a set for which there are either no solutions or multiple
solutions. In this case it is the problem itself and not the algorithm that is
ill-conditioned. The error expression developed in the next section shows the
difficulty of using Hermite-Birkhoff interpolation in such a case.

Having solved the system (13), we can find Q,,(z;) = ¢(z;); (z;)€%(x;)y; for
use in any interpolation scheme or we can use the y; directly in the forth sum
of (9). Solving (13) requires the solution of a smaller linear system (m x m)
than the system (6) which is (k 4+ m + 21) x (k + m + 2I). The matrix A in
(15) is obtained by Fiala [6] but we have developed the more general case, (14),
here since we explain how to use it to solve the interpolation problem, since it
appears in the error term that we develop in the next section and since we use
it to discuss uniqueness in section 5.



3 Error Term

The error E(z) at any value z is defined by
f(@) = Qn(z) + E(z) (16)

which we write in terms of (9) as

l l m

k
flo) = H;(x)f(s;)+Y_ Hi(@)f ()4 Gi (@) f(t;)+>_ K;(x)Qn(z;)+E(x)
j=1 j=1 j=1 j=1
_ (17)
where H;, H;, G; and K; are defined by (10). We substitute for Q,,(z;) in (17)
using (16) evaluated at x; and rearrange terms to get

l l k
f(z) = ZHJ () f(s5) + Z‘HJ () f'(s5) + Z Gj(2)f(t;)
j;l j;l Jj=1 (18)
JFZKJ () f(z;) — ZKJ(:E)E(:E]) + E(x)
j=1 j=1

Let I be the interval spanned by all the knots. Noting the error for Hermite
interpolation

l l k m
- ZHj(x)f(Sj) - foj(fﬂ)f’(sa') - Z Gj(z)f(t;) — ZKj(x)f(xj)
]f_(n-&-l)(c) " " "

= L) (n+1)!

(19)

where L(z) = ¢(z)y(x)2(x) and c is some value in the interval spanned by I
and z, we rewrite (18) to get
f(nJrl)

Blz) = L(@) (n+1)!

) 4 Z K( (20)

Assuming f has at least n + 2 derivatives in the interval I, we differentiate (20)
to get

E'(x) =

L(z) [f" ()] + L' (@) f ) (e ,
(n+1)! Jr Z K;(

Noting that E’(x;) = 0 and that L(z;) = 0, we obtain the linear system of
equations in E(z;), 1 < j < m, given by

K (x; = _Lf(z) 2%
Z (w:) ()



where ¢; is the value of ¢ in (19) corresponding to = z;. Using (10) and noting
that L' (x;) = ¢(x;)0;(1;)€2(x;), we rewrite this system as

o~ | (@) ()82 () + +20(i)€ ()€ () (@) + Pl ()&% (w:) _
2 [ EERTHERTEIEN Bles)
e () )
— ()i ()€ () 1) yi=1,...,m.
We substitute A; = Elz;) and divide equation i by ¢(;); (1;)€%(x;).
T () ()€ () A

The same calculations using (11) to get (12) are done to get

i[ﬂ’(m)%(%) ¢ (i) Yy (i) | ¥5(@i) Fr (e

Jj=1

This gives us a system of equations similar to (12) which we write as

AA =g (21)
where A is given by (14), A € R™ has components A;, 1 <i < m, and g € R™
has components g; = —m, 1 <+ <m. With a;jl the components of
A7l we write A; = Za gj and so

j=1

(-Tz '(/)z xz G n
E(xl):_ n+1 Za’zlf( +1

Jj=1

Substituting this in (20) and using (10) we obtain

z) fr (e - m (n+1) (¢,
B) = 2SO S e Y L)

(n+1)! p Y (1)
and finally
2 m m
E(z) = ¢(x();b(+:c)1¢; !(w) (1) ; p— Zla L e |, (22)

where ¢;, 1 < ¢ < m, are in the interval I and c is in the interval spanned by
I and z. The values ¢; are dependent on all the knots. The value of ¢ depends
on all the knots and also x.

The appearance of the elements of A~1 in (22) illustrates the problem of
finding a solution for a choice of knots that are “close” to a set that does not

10



give a unique solution. In this case we have an almost singular matrix A, giving
us large values of ai_jl in the error term.

Perhaps a more useful form of this error term can be obtained in the following
way. Let max{f™*V(c), f"*(¢;),i=1,...,m} = f"*Y(&). Then we have

T 2 T (n 1) (_j m T m
giving
2)E2(z) f(n+D) (g i
B < L jfl)f © [|w<x>|+ ||A-1|oo§j¢i<x>|] @)
: =1

We have an expression similar to (19). The extra term in (23) involves a ma-
trix of dimension m which in many applications will be much smaller than the
dimension, k+ m + 2[, of the determinant involved in the error expression given
in Birkhoff [2]. Of course, (23) applies only to cases involving only function
and/or first derivative values whereas the expression in Birkhoff [2] applies to
the general Hermite-Birkhoff interpolation problem.

4 Examples

We illustrate the algorithm and the error term, (22) with our first example. We
take the function f(x) = 2* + 2 and form Qs (z) by specifying that

Q200 = f(0), Q-1 =f(-1), Q1) =f'(1)

Hence we have | = 0, k =1, m =2, t; = 0, z; = —1, 9 = 1, Q2(0) = 0,
Q5(—1) = —3 and @Q5(1) = 5. The matrix A in (15) and its inverse are given by

a7 ] e[

We have ¢(z) =z, ¢1(x) = 1, ¥(x) =22 — 1, 1 (z) =2 — 1 and ¢o(x) =z + 1,
and so we have using the right-hand side of (12)

y LD /(0) 3

(=i (=1) =1 (0)p(0) 2

and

R (O N (ON-

T o(L)a(l)  61(0)w(0) 2
Solving Ay = b, we get y1 = 1/2 and y, = 3/2. Hence

Q2(-1) =¢(-D¢i(-y1 =1 and  Q2(1) = ¢(1)12(1)y2 = 3.
Finally using (9) we have Qa(x) = 222 + z.

11



Knowing the function f(z) allows us to illustrate (22) by finding the values
of ¢, ¢ and cp. First we know E(z) = f(z) — Q2(z) = 2* — 22%. Therefore
E(—1) = -1 and E(1) = —1 and therefore

E(-1) 1 E(1) 1
Al=——"7——"F— = —— and Ng=——-" = ——,
P a1 (-1) 2 27 o(1)ya(1) 2
. f(n+1)(0i) .
Since g; = fm we have g1 = —4c; and go = —4cy and therefore using

(21) we have
—dey ][ =3/2 —1/2 ][ —1/2
—dey | 7| 1/2 3/2 || —1/2 |0
giving ¢; = —1/4 and ¢ = 1/4.
To find ¢ we substitute in (22) and obtain

3
4 9 T —x 3 3
—2z* = 24c — -
* v 6 { ¢ z+1 zl}

giving ¢ = x/4 for any value of x # —1,0 or 1. Hence we have ¢; and ¢y in
and c in the interval spanned by I and .

For our second example, we illustrate the error bound (23). Let f(x) = e”,
and find Qg(z) using t1 =0, 1 = —1/2, z3 = 1/2, 51 = —1, sy = 1. Hence we
have k =1, m =2, =2 and n = 6. Using (14) this gives

[ AL w3 )

Using the right-hand side of (12), we get

32 46 26 32 38 34
by = == —-1/2 - -1 e by = — 1/2 v -1 F .
1 96 —|—9e 276 8, o 96 +27e 9e+8

Solving Ay = b again and then using y we obtain

2T 3 iy 9., 63, 83

Qs(—1/2) = 16 + 86 + 86 + 646 646,
2T 9 .y 3., U3, 45

@(1/2) = 75~ 3¢ 8¢ 61° Taac

and use these values in (9) to get Qg(x). To find the error bound in (23), we

find ||A~"||oo = 3/2 and use |f®) ()| = H[lai{u |£©(x)| = e. We obtain
ze[—1,

|z (22 — 1)e] 3
Elx) < —— 3

(2 — 2| + |z + =)
= 5040 gl Ry

1
|$2—1|+

Figure 1 shows the actual error in the second example compared to the error
bound given by (23). Where the actual error is negative, we have shown a
negative error bound.

12



bound on |E(xX)|
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Figure 1: Ilustration of the maximum error bound with the second example

5 Uniqueness for Special Cases

The structure of the matrix A given by (14) and (15) allows us to determine
whether a unique solution exists for certain sets of knots. We have a unique

solution if and only if A is non-singular. Note that whether the matrix (14) is

singular is not affected by the transformations, §; = as; + 3, &; = az; + 5 and
t; = at; + (3, since we have

det A

— where A is formed using the #;, §; and &; and A is formed
«
using the t;, s; and x;. The following cases are examined:

Hence det A =

Case 1. Take the case where there are only function values or first derivative
values.

Let the derivative knots be any subset of the zeroes of ¢'(x)

where ¢(z) is the k’th degree polynomial whose zeroes are the function
E

knots (d)(x) = H(x — t,.)>. Here m < k — 1. We show the matrix A is

r=1
singular.
Case 2. Again we take the case where there are only function values or first
derivative values. Let the function knots be the set {—1,1} | J{z;, 1 <i <

v—1, where z;, 1 <1i <wv—1, are the zeroes of P)(z), where P,(z) is the

13



v’th degree Legendre polynomial. Let the derivative knots be any subset of
the zeroes of P,(x). Here k = v+ 1. We show A is singular. This selection
of knots could arise for example in obtaining higher order approximations
after using collocation on two point boundary value problems (see [7]).

Case 3. Let the function knots be symmetric about a center point. Let the
knots where both the function values and first derivative values are known
be symmetric about the same point. Let the knots where only the first
derivative values are known also be symmetric about the same center
point and let the number of these knots be odd. We show A is singular.
This selection of knots could arise for example in aspects for Runge-Kutta
defect control (see [8]).

Case 4. Take the case where there are only function values or first derivative
values. Let the function knots be the set {—1,1} or {—1,0,1}. Let the
derivative knots be the zeroes of the m’th degree Legendre polynomial.
We show A is singular. The selection of {—1,1} for the function knots
and zeroes of the m’th degree Legendre polynomial, with m even, for the
derivative values is discussed by Pruess and Jin in [16] and Jin and Pruess
in [9] as a possible set of collocation points. They reject this set since it
is singular.

Case 5. Let the knots where only the first derivative is given be all greater
than or all less than all the knots where the function values are given.
Then A is nonsingular.

For case 1, if we add rows 2,3,...,m to row 1 in the determinant of A,
given by (15) we obtain
¢’ (1) ¢’ (w2) ¢ (xm)
d(z1) p(z2) ¢(zm)
1 P (r2) = 1 1
_l’_
T2 — 1 ¢(l’2) ; T2 — Ty T2 — Tm
r#£2
det A =
1 1 ¢(&m) -~ 1
Ty — T1 Ty — T2 ¢(mm)+;mm—mr
r#m
Since ¢'(z;) =0 for i = 1,...,m, therefore A is singular.
For case 2 we can write
(a? ~ 1) Py(x)

¢(z) = (2> = 1) [J(x —2) =

v
i=1 Pu

14



where p, is the coefficient of 2V in P,(z). Using the identity

(W)lzmw

(see for example [11]), we obtain

o) - (= 1>P;<x>)' @y

VPy

Hence case 2 is an example of case 1.

For case 3, since m is odd, we must have both k and [ even. Let k = 2u,
l =2w and m = 2v + 1. Let the points be symmetric about 0. We arrange all
of the knots such that

tigw = —1;, 1 <i<u, Sipw=-5;, 1<i<w
Typ1 =0, Tigoy1 = —23, 1 <i <o, (24)

Now write the matrix A in (14) as the block matrix

B U C

A=Y G Z

D W FE
where B = [b;;], C = [¢;5], D = [d;j] and E = [e;5] are all v x v matrices,
U = [ui] and W = [w;] are v x 1 matrices, Y = [y;] and Z = [z;] are 1 x v

matrices and G is a single element. We form the new matrix A, from A, whose
determinant is the same as A, by adding column r + v + 1 to column r, and
then adding row r torow r +v + 1, 1 <r < wv. We have

B U C
i-|v o z
D W FE

where

B=B+C, Y=Y+Z ,D=B+C+D+E, W=W+U, and E = E+C.
(25)
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From (14) and (24) we have
2w 2u 1 20+1 1
2 + ifi=y
Tz:xz_sr ;xi_tr ;xz_ r
bij = i
1
it # j,
Ti— T
1
2 +
;(zzvsr x1+5r> ;( r zz+tr)
3 u 1 1
2x; ; (xl—xT xi—&—xT) J
r#i
1
if ¢ # j,
€T T
1 1
_ ifi=y
o= J Ti T Titotl 2x;
1] 1
= if i # j,
Ti — Tjtv+1 Ti+x;
1 -1
= ifi=3j
Ao = ) Titot1 = T 2x;
A 1 -1 e
= if i # j,
Tidv+1 — Ty x; + Z;
2u 1 2v+1 1
2 + + ifi=j
2 Titv+1 — Sp ; Litv+1 — t Z Tito+1 — Ty
€ij = 7751+1J+1
1
if 7 # j.
Titv+1 — Tj+v+1
w u
-1 -1 -1 -1
2 +
;<xi+3r xi—sr) ;(xﬁ-tr _tr)
3 Z -1 -1
_ ) _ i
2xi+;<xi+xr a:x,,> Hr=J
r;_éi
-1
ifi # 4.
€T; — .13]‘
We also have
1 -1 1 1 -1
ui:—7 wi: = —_— yj:77 Zj: = —_—
Ti Titv+1 Ti Lj Lj+v+1 Lj
and
w 1 2 1 2v+1 1
=2) ——+) o+ > =0
=1 r r r r=1 r
r#v+1
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From (24) we see that D =0, Y = 0 and W = 0. Therefore A is a (2v + 1) by
(2v 4 1) matrix with a lower (v + 1) by (v + 1) block all zero and therefore has
determinant 0. Hence A is singular.

For case 4, if m is odd, we have an example of case 3 and the result follows.
We concentrate on m even with m = 2v. Let

2z, .
Lo S il = {11}
)= == e 1 (26)
AT o i bt tsh = (-1,0,1)

The matrix A in (15) can be written as the block matrix

B C
=15 %
where B = [b;;], C i, D =[d;;] and E = [e;;] are all v x v matrices. Since

= [
the zeroes of Py, the (20)’th degree Legendre polynomial, are symmetric about
the origin, we let x, = —x,4,, 1 < r < v. Hence the elements of B are given

by
ey P
T; if 1 =
S T,lxi*l”r 21’1 Tlx — 2 J
bij r;_éi r#i
1
if i # 3.
iz X
We also have 1 1
_— = ifi=3j
e — 3 Ti T Titw 2x;
A 1 e,
= if i # j,
Ty — Tjto T+
1 -1
_— = ifi=j
ds — Litv — L4 2%1
ij = 1 LI
= if ¢ ,
Litv 7117]‘ $¢+ZZZJ' J
and
2v v
1 1 —2@‘1‘ e . .
N(Tivo) + Z T — —n(z;) — 27%_‘1' Z 22 ifi=j
P r=1 r=1 "¢ r
eZ] - r#itv r#i
1 -1
= ifi # j.

Lidv — Tj+uv Ti — Tj

Now form the matrix A whose elements are obtained from A by adding column
r 4+ v to column 7 and row r to row r + v, 1 <r < wv. We have

-3 5]
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where B = [b;;], D = [d;;] and E = [¢;;] are all v x v matrices with B = B+ C,
D=B+C+D+Fand E=FE+C. We have det A = det A. Note that D = 0.
Hence det A = 0 if det B =0 or det E = 0. Using (26) we have

v

2x; 2z; 2x; . S
ﬁJererZx?—gﬂ 1f{tr}:{71,1}andZ:]
21‘1‘ ip - .
3 ifi#j
Ty — g
and
2£Cj 21}]‘ Y 2$j . . .
- B - 5 if {t,} ={-1,0,1} and i = j
_ zi—1  2a3 ; i —af
€ij = 5 r#j
_sz if i # 5.
T — T

Therefore either B or E is singular if the matrix W whose elements are given
by

v

1 1 1 o .
xf—1+27x?+zx27x2 ifi=j

r=1 1 T
Wiy = r#i

if 7 j
xf—aﬁ? 7

is singular. But the columns of W add to 0 since

- 1 1 - 1
2 = it Pl
r#i
_ 1 Py, (i)
w2 =1 2x;P) ()
= o

Here we have used the fact that since m is even we can write the m’th degree

Legendre polynomial as Py, = []'_, (2% — 22) and therefore

Pyl () 1 Z 1
O Sk P = —_— 2 .
22, Py (x;) 222 + ; x? — 22
r#i
In addition we have used the property of Legendre polynomials that
(1 —2*) Py, (2)] = 20(20 4 1) Py ().

This completes case 4.
For case 5, we refer Theorem 2.
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